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Abstract
With the rise of generative artificial intelligence (GenAI), integrating it into digital 
multimodal composing (DMC) has created innovative pedagogical opportunities for 
second language (L2) education. In the current research, the integration of GenAI 
into DMC, particularly how it facilitates task design and implementation in DMC, 
remains insufficiently explored. This scoping review investigates two questions. (1) In 
what forms is GenAI integrated into DMC tasks in L2 classrooms? (2) What specific 
pedagogical roles does GenAI perform in DMC task design and implementation? Using 
Preferred Reporting Items for Systematic reviews and Meta-Analyses (PRISMA), 12 
empirical studies were selected and analyzed. Three forms of GenAI-assisted DMC tasks 
were identified, and GenAI fulfilled five functional roles. The findings further suggest 
that the pedagogical functions of  GenAI blur the conventional boundaries of the task 
phases, driving a shift towards more dynamic and functionally structured language 
tasks.  The research redefines GenAI-assisted DMC tasks as dynamic instructional 
practices co-constructed by teachers, students, and GenAI. The study proposes a task 
design framework, namely role identification–interaction and forms–instruction 
design, and calls for future research to validate this framework and expand GenAI 
applications across diverse contexts and disciplines. This review claims that GenAI 
should be positioned not only as a tool but as an interactive agent in meaning-making 
in L2 DMC tasks.
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Introduction
Over the past two decades, with the increasing multimodal and digital nature of second 
language (L2) education context, digital multimodal composing (DMC) has emerged as a new 
approach in L2 teaching and has attracted significant attention from educational researchers. 
From a social semiotics perspective, language extends beyond text, vocabulary, and grammar. 
DMC encompasses linguistic and nonlinguistic modes, such as images, sounds, and videos, to 
create meanings (Gee, 2014; Kress, 2000). Researchers have redefined traditional “literacy” 
as “multiliteracies”, shifting from being previously limited to reading and writing to include 
learners’ ability to design and express meaning and their sociocultural identities using 
multimodal resources (Belcher, 2017; Kern, 2024; Li, 2022; Lim et al., 2024; New London 
Group, 1996). The concentration on digital literacies and multiliteracies has positioned DMC 
as an essential agenda in L2 education. Current research has inquired about the educational 
potential of DMC from various theoretical perspectives, highlighting its role in enhancing 
learners’ writing and speaking skills, critical thinking, self-expression, and learning motivation 
(Xu, 2023; Yang et al., 2022; Zhang & Yu, 2023). As a dynamic process of meaning-making, 
DMC not only improves learners’ language proficiency but also increases their engagement 
in peer interaction and identity construction. At present, DMC is developing as one of the 
most prominent research themes, with empirical studies focusing on digital storytelling, 
video production, and poster creation to inquire about the implementation and assessment 
of DMC tasks, as well as the experiences of both students and teachers (Jiang & Hafner, 2024; 
Kessler, 2024).

With the emergence of generative artificial intelligence (GenAI), integrating powerful 
chatbots such as ChatGPT, Poe, and DALLE-2 into DMC practice has drawn the attention of 
L2 education researchers, which is considered the next major direction for DMC research (Li, 
2022). However, most existing research focuses on monomodal teaching tasks like GenAI-
assisted English as a foreign language (EFL) writing, while GenAI can facilitate learners’ 
cognitive skills and engagement as an assistant (Teng, 2024). As a result, our understanding 
of how GenAI influences the design and implementation of DMC tasks remains limited. 
Although GenAI has been implemented in L2 writing for content generation, translation, and 
feedback, its role in multimodal composing tasks remains underexplored (Vigil & Yi, 2024). 
There is an urgent need to explore how GenAI can support the design, implementation, and 
assessment of DMC tasks. It is also essential to clarify whether GenAI only assists as a tool in 
specific task phases, such as text generation or translation, or whether it plays an agentive, 
collaborative role throughout the task process. Addressing this research gap holds significant 
value and makes a notable contribution. On the one hand, a review of GenAI-assisted DMC 
tasks can identify the characteristics and types of such tasks, which addresses the gap in the 
DMC task design mentioned by Jiang and Hafner (2024). It also provides useful insights for 
educators when designing DMC tasks. On the other hand, clarifying the roles played by GenAI 
in DMC tasks contributes to the emerging discussions about a posthumanist turn in language 
education, which regards GenAI as an active agent in the processes of teaching, learning, and 
meaning-making rather than merely as a supportive tool (Peng & Liang, 2025; Pennycook, 
2018). It also offers a theoretical foundation and starting point for future research on GenAI-
assisted DMC tasks. Therefore, the present study conducts a scoping review of empirical 
research on GenAI-assisted DMC tasks in L2 classrooms. It aims to address the above gap by 
identifying how GenAI is integrated into DMC task design and what specific roles it fulfils in 
the instructional process.
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Literature Review
DMC in L2 Education

DMC refers to approaches that use digital tools to create compositions combining text, sound, 
images, video, and other semiotic resources (Jiang, 2017). It is grounded in social semiotics 
theory (Halliday, 1978; Hodge & Kress, 1988; Kress, 2010), which emphasizes that language is 
one of the linguistic modes to design, reframe, and transform meaning with other nonlinguistic 
modes. DMC has already been implemented across various educational phases, contexts, 
and disciplines, which demonstrates its alignment with the practices and developmental 
trends of language education in the digital age (Li & Akoto, 2021; Zhang et al., 2023). From 
various theoretical perspectives, DMC positions learners as agentive designers who make 
meaning by utilizing their language proficiency, multiliteracies, sociocultural contexts, and 
identities (Jiang & Hafner, 2024). Previous literature indicates that DMC has a strong and 
comprehensive pedagogical impact on L2 education. From a cognitive perspective, DMC 
supports the development of learners’ L2 proficiency, particularly in writing and speaking 
(Kim et al., 2022; Xu, 2023; Yang et al., 2022). In the sociocultural landscape, it also increases 
learners’ engagement, autonomy, and peer interaction in L2 learning (Xie & Jiang, 2025). 
When participating in DMC activities, L2 learners interact with their environment, classmates, 
and nonverbal semiotic resources, which enhances their multiliteracies, learning motivation, 
and cultural identity (Kress, 2010; Jiang et al., 2024; Zhang et al., 2023). For L2 educators, 
implementing DMC presents a valuable opportunity to integrate digital tools and multimodal 
resources in ways that prompt a necessary rethinking of language teaching (Jiang et al., 2021). 
In sum, DMC has significant potential for L2 education and represents a key area of research in 
language education and applied linguistics.

Previous Research on GenAI in DMC

Since the rapid development of GenAI, substantial research has already demonstrated its 
supportive functions in making monomodal language outputs, which suggests that GenAI 
may also be further integrated into DMC tasks. For example, GenAI can be implemented as 
a translation tool or writing assistant, providing ideas for L2 writing, generating accurate L2 
text resembling human language, and assessing and providing feedback for revision (Guo & 
Wang, 2024; Huang & Teng, 2025; Kang & Yi, 2023; Su et al., 2023; Wang & Dang, 2024; Wu 
et al., 2025). Encouraging learners to use GenAI for training in EFL speaking can create more 
opportunities for oral practice, significantly enhance their learning motivation, and provide 
strong psychological and emotional support (Huang & Zou, 2024). These transformations in 
the production of linguistic modes indicate that GenAI has had a significant impact on the 
meaning-making process in L2 classrooms. 

Some studies have begun integrating GenAI into the DMC process, which is known as GenAI-
assisted DMC. On one hand, L2 learners can use GenAI as a tool to remix and transform various 
modes and generate images that are consistent with the meaning of the text (Lin et al., 2025). 
GenAI with sound generation functions can assist L2 students in converting text into audio, 
facilitating tasks like composing English songs based on text and pictures (M.R.A. Chen, 2024). 
In the common DMC video production task, L2 learners can use text and animation generated 
by GenAI to create videos, thus integrating multimodal resources (Wünsch-Nagy, 2025). On 
the other hand, GenAI can also be integrated into DMC tasks to foster multiliteracies such as 
collaboration awareness, audience awareness, and critical thinking. Kim et al. (2022) explored 
how students critically reflect on the implications of AI for the future while promoting group 
collaboration in DMC tasks. Jao et al. (2025) introduced AI robots into L2 classrooms, where 
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students collaborated with the robots to create audience-oriented English texts, enhancing 
their awareness of the audience. Tan (2025) found that the use of GenAI in DMC tasks helped 
students realize the importance of critically engaging with AI-generated content and identifying 
stereotypes and misinformation in order to develop critical ethical thinking. Obviously, 
integrating GenAI into DMC tasks could bring about revolutionary changes in L2 teaching, 
which will follow the development of language education. 

Necessity of a Review on GenAI-Assisted DMC Tasks
In L2 education, tasks are widely regarded as the basic structure and primary unit of coursework 
and curriculum (Ellis et al., 2020; Swales & Feak, 2023). A task is generally defined as a meaning-
focused activity that engages learners using the target language to achieve communicative 
outcomes, which is framed as an interactive process with a real-world context (Ellis, 2003; 
Ellis et al., 2020; Long, 1992; Nunan, 2004). However, in DMC, tasks are often treated 
as interchangeable with activities, which reduces tasks to the production of a specific DMC 
product and overlooks the shared focus of DMC and tasks on meaning-making and interaction 
(Kessler, 2024). This study refers to the definition of DMC tasks proposed by Jiang and Hafner 
(2024), which views tasks as meaning-making processes where L2 learners integrate various 
modes of communication. In this view, concrete outputs such as videos or digital storytelling 
are considered DMC products rather than the tasks themselves. 

So far, research on DMC tasks and their design remains limited. Although previous review 
articles rarely focus on DMC tasks specifically, exploring the design of DMC tasks is essential 
for advancing both the theoretical and practical development of DMC pedagogy in L2 
education (Li & Zhang, 2023; Zhang et al., 2023). After the emergence of GenAI, despite 
recognizing the revolutionary significance of combining GenAI with DMC for L2 teaching, 
research that has incorporated GenAI activities into DMC tasks still lacks an understanding 
of how DMC tasks are supported and changed by GenAI tools and the roles of GenAI in 
each task.  The gap is significant because clarifying the implementations and functions of 
GenAI in DMC activities can inform more effective DMC task designs, enhance pedagogical 
practices, and ensure that the integration of GenAI aligns with the goals of each DMC task. 
Therefore, this paper reviews existing research on using GenAI in DMC tasks and examines 
the contributions of GenAI in activities throughout the DMC task process. This research aims 
to identify the types of GenAI-assisted DMC tasks, specifically how these tasks integrate with 
GenAI. In addition, it seeks to investigate the specific roles that GenAI plays within DMC task 
design and implementation. 

Methodology
This study adopts a scoping review design and follows the six-stage framework proposed by 
Sargeant and O’Connor (2020). The six stages include (1) identifying the research questions, 
(2) identifying the studies, (3) selecting relevant studies, (4) charting the data, (5) collecting, 
summarizing, and reporting the results, and (6) stakeholder consultation. This framework is 
an adaptation of the original model by Arksey and O’Malley (2005) and has been applied in 
multimodal teaching reviews (e.g., Zaidi & Sah, 2024). The scoping review was selected over 
other types of reviews because the academic community is still exploring how GenAI, as an 
emerging tool, integrates with DMC as a novel pedagogical approach. This study aims to define 
GenAI-assisted DMC as a new form of language-learning task and to identify its features and 
research gaps (Munn et al., 2018). The inclusion of stakeholders is essential, as the study seeks 
to identify the specific types of GenAI-assisted DMC tasks and the pedagogical roles of GenAI, 
which will provide clearer research niches for both teaching practice and academic inquiry.

https://www.castledown.com/journals/dal/issue/view/dal.v2
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In the first stage of the review process, and in line with the research aims, two research ques-
tions were formulated:

(1)  In what forms is GenAI integrated into DMC tasks in L2 classrooms? 
(2) � What specific pedagogical roles does GenAI perform in DMC task design and imple-

mentation?

The literature search was conducted across five databases: Google Scholar, Web of Science, 
ERIC, Scopus, and EBSCO. These databases were selected because previous reviews related 
to DMC have shown that they contain a substantial body of educational research (e.g., Lim 
et al., 2024; Zhang et al., 2023). Based on the research questions, the initial search used the 
following keywords: (Digital Multimodal Composing/Multimodal Composing) AND (Artificial 
Intelligence) AND (L2 Education/Second Language Education). However, after the first round 
of searching, very few relevant results were found in databases other than Google Scholar. To 
address this issue, we added keywords for specific DMC task types, including Digital Storytell-
ing, Video Making, and Posters, to the remaining four databases. In Scopus, the initial search 
returned only four results. Upon review, one of the results was a call for papers for a special 
issue, and we subsequently included all published and forthcoming articles from that special 
issue in our review.

A total of 516 articles were identified through keyword searches. The study followed the Pre-
ferred Reporting Items for Systematic reviews and Meta-Analyses (PRISMA) framework for the 
screening process and applied specific inclusion criteria:

(1)  The article must be written in English.
(2)  Publication time: Articles published between 2015 and 2025 were considered.
(3)  Article type and accessibility: Articles must be peer-reviewed and accessible.

To ensure a sufficiently broad scope that captured studies on both GenAI and DMC, 
published and in-press peer-reviewed journal and conference papers were included. After 
reviewing the titles and abstracts, 445 articles were excluded. These were either duplicates, 
did not meet the inclusion criteria, or were unrelated to language education. The remaining 
articles were read in full and assessed against the exclusion criteria. First, three articles 
were excluded because they focused on AI-assisted multimodal composition in other 
disciplines and only briefly mentioned educational or language-related applications. 
Second, four articles were excluded due to a lack of access to the full text. Among the 64 
remaining articles, 18 focused only on monomodal language learning tasks using GenAI 
and did not involve other modalities. Eleven articles discussed the use of DMC in language 
education but only speculated on the possible integration of GenAI. Nine articles did not 
describe the concrete processes of GenAI-assisted DMC tasks, such as task types, steps, 
or genres. Fourteen articles were excluded because they were not empirical studies but 
literature reviews or commentary papers. Although Kostopolus (2025) included a case of 
using GenAI in DMC instruction, the scenario was hypothetical and not based on empirical 
research. Therefore, it was excluded. In the end, 12 articles met all inclusion criteria and 
did not fall under any of the exclusion criteria (Figure 1). These articles were included in 
the final review. 

The data analysis proceeded in three stages. First, we reviewed the 12 selected articles to 
summarize their teaching context, methodology, and DMC products. The classification of DMC 
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https://www.castledown.com/journals/


6 �  The integration of generative artificial intelligence

Digital Applied Linguistics, Volume 2 (2025)

Figure 1.  Article inclusion process. Adapted from Preferred Reporting Items for Systematic 
reviews and Meta-Analyses (PRISMA) in Haddaway et al. (2022).

products followed the framework proposed by Kessler (2024). Next, we analyzed the design of 
GenAI-assisted DMC tasks and identified three models based on the form of GenAI support: 
DMC tasks in which GenAI is embedded as part of the instructional plan, tasks using GenAI as a 
tool during implementation, and tasks involving formative assessment with GenAI. In the third 
stage, we examined the specific roles that GenAI played in the tasks. We identified five main 
roles: stimulator with scaffolding, co-instructor, co-composer, instant feedback provider, and 
mediator of critical literacies. It is important to note that GenAI did not perform a single role in 
each task. Instead, it often took on multiple roles across different task activities. We documented 
coding lists for each stage using MAXQDA. To ensure the reliability of the review, we read every 
article carefully and invited an external reviewer to measure the coding results. Any discrepancies 
were discussed and resolved through negotiation until an agreement was reached.

https://www.castledown.com/journals/dal/issue/view/dal.v2
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Table 1. Included articles

Article and 
year

Title Journal or  
conference

Region

Y. Chen (2024) Perceptions of AI-facilitated 
creativity in language education: A 
study on digital storytelling

The JALT CALL 
Journal

Taiwan, China

Cheung & Shi 
(2025)

Co-creating stories with 
generative AI: Reflections from 
undergraduate students of a 
storytelling service-learning 
subject in Hong Kong

Australian 
Review of Applied 
Linguistics

Hong Kong 
Special 
Administrative 
Region (SAR), 
China

Huang et al. 
(2024)

Leveraging multimodal GenAI 
chatbots in EFL learning: 
Learning attitudes and user 
experiences

2024 International 
Conference 
on Artificial 
Intelligence and 
Teacher Education 
(ICAITE 2024)

Mainland China

Hwang et al. 
(2024)

AI-enhanced video drama-
making for improving writing 
and speaking skills of students 
learning English as a foreign 
language

Innovation 
in Language 
Learning and 
Teaching

Taiwan, China

Jiang & Lai 
(2025)

How did the generative artificial 
intelligence-assisted digital 
multimodal composing process 
facilitate the production of quality 
digital multimodal compositions: 
Toward a process-genre integrated 
model. 

TESOL Quarterly Hong Kong SAR, 
China

Li et al. (2025) Investigating L2 learners’ text-
to-video resemiotisation in 
AI-enhanced digital multimodal 
composing

Computer Assisted 
Language 
Learning

Mainland, China

Lin et al. 
(2025)

Integrating generative AI into 
digital multimodal composition: 
A study of multicultural second-
language classrooms.

Computers and 
Composition

Hong Kong SAR, 
China

Liu et al. 
(2024)

Investigating students’ cognitive 
processes in generative AI-assisted 
digital multimodal composing and 
traditional writing

Computers & 
Education

New Zealand

(Continued)
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Findings
Context, Methodology, and Products

To understand the current state of research on GenAI-assisted DMC tasks, we analyzed the 
overall characteristics of the selected studies. Most studies were conducted in undergraduate 
(9) and secondary school (2) classrooms. One exception is Smith et al. (2025), who applied 

Article and 
year

Title Journal or  
conference

Region

Mesa Morales 
& Zapata 
(2024)

Digital multimodal composing 
in beginning L2 Spanish classes: 
Student-created children’s books. 

The International 
Journal of 
Literacies

US

Smith et al. 
(2025)

Multimodal composing with 
generative AI: Examining 
preservice teachers’ processes and 
perspectives

Computers and 
Composition

US

Tan et al. 
(2025)

Purposeful remixing with generative 
AI: Constructing designer voice in 
multimodal composing. 

Computers and 
Composition

US

Wünsch-Nagy 
(2025)

From multimodal space to 
digital multimodal text: Making 
choices in digital multimodal 
compositions inspired by museum 
visits in higher education. 

Computers and 
Composition

Hungary

Table 2. Five roles of GenAI in DMC tasks

Roles of GenAI Articles

Stimulator with scaffolding Y. Chen (2024); Huang et al. (2024); Hwang  
et al. (2024); Jiang & Lai (2025); Li et al. (2025); 
Lin et al. (2025); Liu et al., (2024); Mesa Morales 
& Zapata (2024); Smith et al. (2025); Tan et al. 
(2025)

Co-teacher Cheung & Shi (2025); Jiang & Lai (2025); Lin  
et al. (2025); Liu et al., 2024); Smith et al. (2025); 
Tan et al., (2025)

Co-composer with resource generation All

Feedback provider Cheung & Shi (2025); Huang et al. (2024); Hwang 
et al. (2024); Jiang & Lai (2025); Lin et al. (2025); 
Smith et al. (2025) 

Facilitator of critical literacies Cheung & Shi (2025); Hwang et al. (2024); Li et al. 
(2025); Lin et al. (2025); Liu et al., (2024); Mesa 
Morales & Zapata (2024); Tan et al.(2025)

https://www.castledown.com/journals/dal/issue/view/dal.v2
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GenAI-assisted DMC tasks in a course for both undergraduate and postgraduate students. In 
terms of language background, five studies focused on EFL learners who share the same first 
language. Three studies involved EFL learners with diverse first language (L1) backgrounds. 
Two studies were conducted in non-English language contexts, specifically Chinese and Spanish 
(Lin et al., 2025; Mesa-Morales & Zapata, 2024). Two other studies involved mixed-language 
contexts, including both international and local students (Smith et al., 2025; Wünsch-Nagy, 
2025) (Figure 2).

Regarding methodology, seven studies adopted a qualitative paradigm (Figure 3). These 
studies used case studies, narrative inquiry, or unspecified qualitative designs, and most relied 
on thematic and multimodal analysis for data interpretation. Two studies followed a quantitative 
approach, both using quasi-experimental designs (Y. Chen, 2024; Hwang et al., 2024). Lin et 
al. (2025) adopted a mixed-methods approach, using a survey to collect learners’ motivation 
data, which were analyzed descriptively to triangulate the qualitative findings. Jiang and Lai 
(2025) took a nonparadigm-specific approach, examining both the quality of students’ work 
with and without GenAI assistance and the creative process of GenAI-assisted DMC tasks. In 
terms of task products, video production (4) and multimodal texts (4) were the most common 
types of GenAI-assisted DMC tasks. Other tasks included digital storytelling (2), digital books 

6

11

2

2

Methodology

Qualitative (Unspecific) Qualitative (Case Study)

Qualitative (Narrative Inquiry) Quantitative(Quasi-Experiment)

Mix-methods

Figure 3. Methodology of included articles.

5

3

1

1

2

EFL(Same L1) EFL(Various L1) Spanish L2 Chinese L2 Multilingual

Figure 2. Language contexts of GenAl-assisted DMC tasks.
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(1), and PowerPoint presentations (1) (Figure 4). The emergence of GenAI does not seem to 
have introduced new types of DMC products but has transformed the processes through which 
existing products are created. 

Overall, research on GenAI-assisted DMC tasks in language education remains in its early 
stages. Current studies focus on specific contexts, such as English language instruction and 
higher education, showing a preference for qualitative methods and concentrating on video and 
multimodal text outputs.

RQ1: The Types of GenAI-Assisted DMC Tasks

Including GenAI as a Part of the Instructional Framework

The first type of GenAI-assisted DMC task incorporates GenAI into the task workplans (Ellis  
et al., 2020). Such tasks require the use of GenAI to achieve the teaching goals set by the teacher. 
Students’ use of GenAI is an integral part of the task workplan and is essential in shaping the 
intended learning process. Thus, tasks are designed with explicit consideration of the function 
of GenAI, ensuring a close integration with the language teaching objectives. A representative 
example is provided by Lin et al. (2025), who developed an instructional framework called 
IDEA (Interpret, Design, Evaluate, and Articulate). This framework embeds GenAI into each 
stage of DMC instruction and assigns specific functions to GenAI throughout the process. At 
each stage, teacher and student activities are aligned with support from GenAI, which certainly 
has an irreplaceable function. For instance, during the interpretation and evaluation stages, 
students used GenAI to articulate and review their awareness of multicultural audiences in 
their DMC work. The study involved 11 secondary school students from six different countries, 
indicating that developing such awareness would likely require significant instructional time 
and additional teaching resources without GenAI’s support. Another example of this task type is 
Y. Chen (2024), who designed a digital storytelling (DST) project. In the four-step instructional 
plan, the second and third steps explicitly required students to use GenAI for drafting and 
generating multimodal resources such as music and images. The teacher also integrated GenAI 
tools into the assessment design by offering an award for effective students’ effective use of 
GenAI. This type of task is also found in comparative studies. For example, in Hwang et al. 
(2024), students were asked to use GenAI to generate vocabulary and sentences related to a 
video drama, while the control group received vocabulary and sentence support from standard 
course materials. These tasks, which included GenAI from the early stages of design, show a 

4

4

2

1
1

Video production Multimodal texts Digital storytelling Digital books PowerPoint

Figure 4. Products of GenAI-assisted DMC tasks.
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high level of integration between GenAI and classroom activities. In comparative research, this 
task type can reveal that using GenAI influences the learning outcomes and task quality. For 
instance, Jiang and Lai (2025) designed two identical task processes which only differed in 
whether GenAI was used. Although both groups completed video production tasks, the GenAI-
assisted group produced higher-quality outcomes. Otherwise, in DMC tasks designed with 
GenAI, learners engage with GenAI across multiple stages rather than in isolated activities. 
GenAI-assisted outputs often carry over into the next stage of the task, contributing to a more 
dynamic and coherent task implementation process.

Using GenAI as a Tool in Task Implementation

In these tasks, students use GenAI as a tool to generate multimodal resources such as text, 
images, and videos to support their DMC work. However, unlike the first task type, this use of 
GenAI is not listed in the design framework. Instead, it appears as an optional activity, either 
suggested by the teacher or initiated by the students themselves, which is only integrated 
with the tasks in the process (Ellis et al., 2020). For example, in the DMC project designed 
by Mesa-Morales and Zapata (2024), students were asked to produce digital books. The task 
design did not specifically integrate GenAI into the instructional framework. GenAI was only 
introduced by the teacher during the image-adding phase as a recommended tool. The same 
type of task was found in the DST task designed by Cheung and Shi (2024). Although the 
teacher recommended GenAI tools, some students chose to complete the task without using 
them. In Wünsch-Nagy (2025), students could decide whether to use GenAI or not to complete 
the DMC tasks. Regardless of their choice, all students produced posters combining text and 
images, fulfilling the task goal. These DMC tasks show a relatively low dependency on GenAI, 
since the use of GenAI does not structurally affect the task flow or content, and students retain 
greater autonomy in choosing whether or not to engage with the technology. In these tasks, 
GenAI functions as a flexible tool during task implementation rather than as a component of 
the instructional design.

Implementing GenAI as an Instant Feedback Tool 

Some studies employed GenAI to provide feedback on DMC tasks. Although this type of task 
design is less established than the previous two forms, it warrants separate consideration. In 
most cases, GenAI did not assess the entire DMC product, as in monomodal writing (Guo & 
Wang, 2024). Instead, it provided instant evaluations of specific modalities and supported 
learners in revising their work. Researchers identified tasks where GenAI assisted in evaluating 
language use and content. In terms of text, GenAI gave feedback on learners’ spelling, grammar, 
and lexical choices and suggested improvements (Hwang et al., 2024). GenAI also enhanced 
written expression, making it more accessible to multicultural audiences or more stylistically 
refined (Lin et al., 2025). The formative feedback provided by GenAI on writing allows learners 
to focus more on creating nonlinguistic modes and the overall meaning of their DMC products, 
reducing disruptions to the task process caused by textual errors. In Huang et al. (2024), GenAI 
evaluated and corrected students’ spoken output through one-on-one interactions, ensuring the 
overall quality of the DMC product. When students need to record voiceovers for their videos, 
they can first practice speaking with an AI chatbot, which immediately corrects their grammar 
and pronunciation of each sentence. Through the instant feedback from GenAI, learners improve 
their oral accuracy and willingness to engage in DMC while also generating sound resources for 
their multimodal products. This use of GenAI introduced interactive feedback into the task, 
as learners had to engage with GenAI through prompts to obtain suitable suggestions. The 
immediacy of the feedback allowed students to access support at any stage of the task, making 
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it available throughout the process. However, this task type remains limited to feedback on text 
and speech. In this review, we did not identify tasks using GenAI to effectively evaluate visual or 
video-based products, or to provide summative feedback on multimodal products.

RQ2: The Roles of GenAI in DMC Tasks

Stimulator with Scaffolding

In some tasks, teachers encourage learners to use GenAI for preparing and introductory 
activities. In doing so, GenAI stimulates and supports the teacher’s scaffolding of learners in 
the DMC task. Scaffolding refers to the support learners require in skills, language, content, 
and interaction to complete DMC tasks (Pacheco et al., 2021). In GenAI-assisted DMC tasks, 
teachers and researchers often introduce relevant GenAI tools and encourage learners to 
become familiar with them at the beginning of the DMC. GenAI can provide instant responses, 
which help learners to get familiar with DMC tasks. This process activates learners’ prior 
linguistic knowledge and helps them develop effective prompting strategies (Y. Chen, 2024; 
Huang et al., 2024; Liu et al., 2024; Mesa-Morales & Zapata, 2024). With the scaffolding from 
GenAI, teachers have more opportunities to introduce, present, and guide students through 
DMC, addressing any initial difficulties in understanding and composing DMC texts (Jiang & 
Lai, 2025). In addition, GenAI can assist learners in constructing the initial framework of a 
DMC product. When students input their ideas and intended genres into GenAI, the tool can 
generate draft outlines, such as a DST script or a PowerPoint structure (Cheung & Shi, 2024; 
Liu et al., 2024). GenAI may also offer examples that clarify the task’s expectations and help 
learners assess the feasibility of their ideas (Smith et al., 2025). Furthermore, GenAI can support 
linguistic resources by translating or polishing learners’ input, particularly in multilingual or 
translanguaging classrooms, where language proficiency may otherwise hinder performance 
(Lin et al., 2025).

Some of this GenAI scaffolding occurs during the early stages of DMC tasks. However, unlike 
language tasks in task-based language teaching (TBLT), where scaffolding is typically limited 
to pre-task phases, GenAI provides continuous support throughout different stages of the task. 
In particular, GenAI introduces a new scaffolding mechanism through transduction—a concept 
from social semiotics closely related to resemiotization, which refers to the transformation of 
meaning across modes (Bezemer & Kress, 2008; Li et al., 2025). For example, learners can 
use GenAI to convert textual prompts into videos, which supports both contextualization and 
expressive clarity. This process enhances learners’ ability to guide GenAI using textual prompts 
and requires them to coordinate meaning between text and visual modes. GenAI also enables 
learners to express tone and style through images, promoting semantic coherence between 
modalities (Tan et al., 2025). In summary, integrating a “pre-task” stage to familiarize learners 
with GenAI tools can maximize their scaffolding benefits during DMC tasks. Nevertheless, 
GenAI can also continue to provide scaffolding through transduction during the middle and 
later stages of the task.

Co-Teacher

In some articles, educators have integrated GenAI into their instructional plans and assigned it 
to certain teaching functions. Thus, GenAI can be viewed as a co-teacher in the learning process. 
For example, GenAI can explain unfamiliar concepts to students, answer their questions, and 
provide relevant knowledge related to DMC themes (Jiang & Lai, 2025). These explanatory 
functions, typically carried out by human teachers in traditional classrooms, are partially 
conveyed to GenAI in GenAI-assisted DMC tasks. In addition, GenAI can generate the linguistic 
resources required for DMC tasks, such as vocabulary and sentence structures for video scripts 
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(Hwang et al., 2024). Compared with traditional instructional materials, these AI-generated 
resources have shown a greater impact on enhancing learners’ language performance. Smith 
et al. (2025) further demonstrated how preservice teachers experimented with different GenAI 
tools to generate texts, images, and music. Through these interactions, learners developed 
creative inspiration and discourse expression, with GenAI fulfilling a partial role in teaching 
how to use and adjust prompts. Moreover, the multimodal resources generated by GenAI can 
be integrated with student agencies, which facilitates decision-making and shapes the stylistic 
features of the final DMC products (Tan et al., 2025). In these tasks, the role of GenAI extends 
beyond that of a tool. Its contribution to instructional explanation, material generation, and 
design direction positions it as an agentive character within the teaching process.

Co-composer with Resource Generation

In GenAI-assisted DMC tasks, GenAI can become a co-composer and contribute to generating 
multimodal content with learners. In this role, GenAI supports both content creation and 
semiotic construction. Within the linguistic mode, some GenAI tools already possess advanced 
text generation capabilities that align with the requirements of DMC products. These tools 
can actively participate in DMC tasks by generating subtitles, describing nonverbal elements, 
narrating storylines, and translating or refining learner-produced texts (Cheung & Shi, 2025; 
Huang et al., 2024; Jiang & Lai, 2025; Lin et al., 2025). Certain GenAI tools can also provide 
voiceovers for videos or engage learners in simulated spoken dialogues, thus contributing to 
the audio aspect of DMC production (Huang et al., 2024; Jiang & Lai, 2025; Li et al., 2025). 
Moreover, GenAI can now generate nonverbal content such as images and videos. Those images 
can be used in infographics, presentations, and other DMC outputs, with prompts guiding the 
production of stylistically meaningful content (Liu et al., 2024; Tan et al., 2025). For video 
production, GenAI may help learners generate a series of images, which are then composed 
into a video either by the learners themselves or with GenAI’s support (Smith et al., 2025). 
Some tools can convert English text directly into video, reconstructing the textual meaning 
through subtitles, visual transitions, and image composition (Li et al., 2025). Overall, GenAI, as 
a resource co-creator, is deeply involved in generating multimodal materials. Its collaboration 
with learners extends beyond linguistic input to cross-modal production, forming a significant 
partnership in DMC tasks. However, it is important to note that learners must possess a certain 
level of GenAI literacy to enable this co-composer role. This literacy may come from prior 
experience or scaffolding. Without such literacy, learners may choose to limit the composition 
of GenAI or reject its contribution entirely (Smith et al., 2025; Tan et al., 2025). Therefore, 
whether GenAI can act as a co-composer depends on learners’ needs and multiliteracies and 
often requires dynamic adjustment during the task rather than predetermined integration into 
the task design.

Feedback Provider

Although GenAI does not yet possess enough capacity to assess multimodal outputs, some 
studies have shown that it can provide instant feedback on linguistic elements and certain 
contextual content during DMC tasks. This feedback is not limited to post-task evaluation but 
can be integrated throughout the process. For example, Huang et al. (2024) incorporated pro-
nunciation AI tools such as Doubao into course design to help students identify spoken errors 
instantly and receive feedback on rhythm and accuracy. In the case of writing, GenAI offers 
suggestions during the composition process through ongoing interaction with learners (Huang 
et al., 2024; Lin et al., 2025). This process-oriented, nonsummative mechanism enables GenAI 
to support teachers in delivering immediate, informal feedback during task implementation. 
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However, the primary responsibility for assessing GenAI-assisted DMC products remains with 
the teachers or peer learners due to current limitations in the function of GenAI tools to eval-
uate nonlinguistic modes such as images, audio, and video. The current GenAI tools struggle 
to assess higher-order features such as visual coherence, narrative flow, or aesthetic style. As 
a result, GenAI currently supports formative feedback on DMC tasks. It can assist with lan-
guage-focused feedback but cannot independently conduct comprehensive formative assess-
ments across modalities.

Facilitator of Critical Literacies

In GenAI-assisted DMC tasks, GenAI also functions as a mediator in fostering students’ critical 
literacies. Teachers can encourage or require learners to review and revise GenAI-generated 
content in order to promote critical thinking (Hwang et al., 2024). Learners often engage in 
reflective use of GenAI, identifying and modifying content that fails to meet their requirements 
(Cheung & Shi, 2024; Li et al., 2025; Lin et al., 2025). This reflective practice helps learners 
recognize the limitations of GenAI, particularly in addressing discipline-specific language, 
tone, emotion, or personal expression. It directs their attention to what GenAI cannot produce, 
encouraging a more critical stance toward AI-generated content. Moreover, some students 
recognize biased or inaccurate multimodal outputs generated by GenAI. These findings can 
trigger deeper reflection on the ethical issues and stereotypes associated with AI technologies. For 
example, Tan et al. (2025) found that students were able to detect stereotypical representations 
in AI-generated images. In response, they revised their prompts to challenge and eliminate 
these biases. Compared with textual outputs, such visual and audiovisual issues are often more 
easily identified by learners, leading to active engagement in critique and revision. Thus, GenAI 
acts not only as a knowledge provider but also initiates the development of learners’ AI literacy. 
Its integration in DMC tasks extends beyond production support into becoming a facilitator for 
ethical awareness and critical engagement. 

Discussion
This study conducted a scoping review of 12 empirical studies on GenAI-assisted DMC tasks. 
It outlined the research contexts, methodological approaches, and products. We identified both 
the forms of GenAI-assisted tasks and the roles GenAI played within DMC task design and 
implementation. In this section, we discuss the theoretical and practical contributions of the 
study based on these findings.

The Future Landscape of GenAI-Assisted DMC Tasks

Similar to earlier reviews on DMC (Li & Akoto, 2021; Zhang et al., 2023), this study found a 
clear concentration in the research contexts, methods, and products. Most studies were con-
ducted in higher education, particularly in undergraduate EFL classrooms. Research in sec-
ondary schools, teacher education, or informal learning environments remains limited. The 
concentration of research contexts reflects the potential for implementing and popularizing 
GenAI-assisted DMC in higher education. However, such concentration also raises concerns 
that the GenAI-assisted DMC tasks developed in university settings may not transfer easily to 
more constrained environments with limited resources or high-stakes assessment pressure, 
which is an ongoing concern within the implementation of DMC (Jiang et al., 2021). For exam-
ple, in under-resourced primary and secondary classrooms with limited technical accessibility 
or teacher support, can GenAI still effectively serve as a co-composer or feedback provider? Will 
its role be reduced to basic text generation or error correction? These questions challenge the 
generalizability and equity of GenAI-assisted DMC tasks across diverse educational settings. 
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Furthermore, existing studies have paid limited attention to the dynamic nature of the roles of 
GenAI within tasks. Our review showed that the role of GenAI often shifts and evolves during 
task implementation by interacting with learners. Some interactions followed the workplan of 
the tasks, while others emerged spontaneously as the task progressed. Future research should 
explore these developments through longitudinal designs and explore how teachers adapt 
GenAI-assisted tasks in response to such changes.

In terms of products, most studies have continued to focus on popular DMC genres such 
as video production, multimodal texts, and posters. This preference for products aligns 
with the current strengths of GenAI in image and script generation and is relatively easy to 
implement. However, this preference also indicates a limitation in task design. Many tasks 
still involve embedding GenAI into existing instructional frameworks and courses rather than 
reconstructing the tasks around the integration of GenAI. It suggests that recognizing the 
changes GenAI introduces to DMC processes is insufficient. Researchers and educators need 
a coherent theoretical framework for GenAI-assisted DMC task design to guide both scholarly 
inquiry and classroom practice.

Fixed Forms and Flexible Designs of GenAI-Assisted DMC Tasks

Our review identified three distinct types of GenAI-assisted DMC tasks. The first two types are 
distinguished by the extent to which GenAI is embedded within the task design framework, 
while the third type is defined by whether GenAI contributes to the evaluation of DMC outputs. 
To set the scope of the type of GenAI-assisted DMC tasks, we propose a categorization into 
strong-form and weak-form GenAI-assisted DMC tasks. This distinction refers to task classifi-
cation in TBLT and DMC (Ellis, 2003; Kessler, 2022), which emphasizes whether GenAI is inte-
grated into the task design as a core element. In the strong form, GenAI is explicitly included 
in the instructional design. Teachers integrate GenAI to support specific teaching objectives, 
and the ability to use GenAI becomes a parallel instructional goal with language development 
and multimodal literacies. In this case, GenAI is not only an optional tool but an irreplaceable 
component of GenAI-assisted DMC tasks. In contrast, the weak form describes tasks where 
GenAI plays a limited, optional role—typically as a support tool used in isolated stages of the 
task. In such cases, its contribution does not significantly shape the structure or learning goals 
of the task.

It is necessary to emphasize that the integration of assessment might be included as a 
criterion for distinguishing task types since we figured out that the third type of task involves 
GenAI as a tool for feedback. As GenAI technologies rapidly evolve, it is foreseeable that 
future DMC tasks may integrate GenAI into the assessment of the nonlinguistic modes and 
the entire DMC product, potentially constituting a strong form of GenAI-assisted DMC task. 
However, according to our review, the feedback was monomodal and casually appeared in the 
task process. Therefore, we hope that future research will expand the use of GenAI in assessing 
DMC tasks and provide more empirical cases to help refine the classification criteria for this 
type of task.

Identifying strong and weak forms of GenAI-assisted DMC tasks offers a useful framework 
for future research. Scholars and educators can investigate the similar and different design 
principles of these two forms, examine how different levels of GenAI integration influence 
task outcomes, and explore how task design can be adapted to provide learners with various 
language proficiency and multimodal literacies. Furthermore, our review of GenAI-assisted 
DMC tasks reveals that these tasks involve complex multimodal production and varied uses 
of GenAI. This finding supports the view of Jiang and Hafner (2024), who argued that DMC 
often consists of multiple activities. We extend this understanding by observing that, in actual 
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classroom practice, the process of GenAI-assisted DMC tasks could be nonlinear and repetitive. 
This process differs from the traditional task structure in language education.

Conventionally, the design of language tasks has followed a clearly defined, staged structure 
such as pre–while–post tasks (Ellis et al., 2020). However, the integration of GenAI blurs these 
sequential boundaries. In the tasks we reviewed, learners can start creating multimodal outputs 
supported by GenAI-generated content at the beginning of the tasks. Instructional knowledge 
and skills can be developed throughout the task, and students receive immediate feedback at 
any stage. Thus, we argue that GenAI-assisted DMC tasks require a reconceptualization of the 
task design paradigm. Rather than perceiving tasks as a fixed pedagogical plan, they should be 
understood as open-ended semiotic processes. This reconceptualization aligns with the socio-
cultural basis of DMC, which is a meaning-making process with social semiotic interaction, 
while the integration of GenAI reinforces this process. With GenAI, task design can accommo-
date activities that serve various instructional goals and functions without a stable implemen-
tation order. This flexibility enables a more dynamic task design, allowing teachers, learners, 
GenAI tools, and contextual factors to shape the task process in responsive and adaptive ways.

Repositioning GenAI in DMC Tasks: A Design Framework

Another implication of this study is the redefinition of participants’ roles and relations within 
GenAI-assisted DMC tasks, as well as theoretical guidance for task design based on these 
roles. Our review identified five functional roles played by GenAI: Stimulator with scaffold-
ing, co-teacher, co-composer, feedback provider, and mediator of critical literacies. These roles 
emerged from the dynamic interactions among learners, teachers, and GenAI, which responded 
and extended the roles of GenAI identified in previous EFL research (Teng, 2024). The diversity 
of these roles demonstrates that GenAI can act as an agentive and pedagogically active partici-
pant in the DMC process. The appearance of strong-form GenAI-assisted DMC tasks provides 
evidence that GenAI can fulfil instructional and interactive responsibilities. This finding sug-
gests a paradigmatic shift in language task design, which evolves from a binary teacher–student 
or peer interaction model towards a triadic interaction model involving the teacher, student, 
and GenAI. This shift reflects a posthumanist turn in language education (Pennycook, 2018), 
and GenAI-assisted DMC tasks may represent an important stance for this transformation.

In response, we propose a preliminary framework for GenAI-assisted DMC task design: Role 
identification–interaction and forms–instruction design (Figure 5). Firstly, role identification 
refers to clearly defining the roles of teachers, learners, and GenAI within the task design, 
which is important, as the semiotic interactions in such tasks are co-constructed not only 
by human agents but also by GenAI (Pennycook, 2018). It becomes essential for educators 
to consciously consider how these three agents contribute to the meaning-making process, 
which reflects a posthumanist turn in language pedagogy. Teachers can design tasks that better 
reflect the distributed agency involved in DMC by considering GenAI as an active participant 
rather than a passive tool. The notion of interaction is consistent with role identification, 
which draws on the theoretical foundations of DMC, i.e., social semiotics, and is reinterpreted 
through a posthumanist epistemology (Hodge & Kress, 1988; Pennycook, 2018). In social 
semiotics, meaning is constructed through social interactions using both linguistic and 
nonlinguistic modes, while posthumanist perspectives expand this idea to include the dynamic 
relations among teachers, learners, and the various semiotic resources and artefacts created 
in the objectives, including GenAI. In the reviewed studies, the expansion is evident, given 
that all GenAI-assisted DMC tasks incorporate GenAI-generated content or involve GenAI 
in the composing process, which positions it as an essential agent in pedagogical interaction. 
Researchers and educators can identify the interaction patterns among teachers, learners, 
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and GenAI in tasks and even define the basic functions of these interactions. Meanwhile, 
task designers need to determine, from a practical perspective, whether the GenAI-assisted 
DMC task has a strong form or weak form, and carry out subsequent task design based on 
the roles assigned to GenAI to fulfil their goals. For example, suppose GenAI is positioned 
as a co-teacher, as in Lin et al. (2025). In that case, teachers might indicate the function of 
GenAI in each activity, generating lesson outlines or preparing instructional materials and 
supporting resources. If GenAI is defined as a co-composer or mediator of critical literacy, 
teachers can design activities that require the students to use GenAI to create multimodal 
products, and to criticize and reflect on those outputs. Otherwise, task designers could consider 
the semiotic functions between participants in the DMC process, recognizing that meaning-
making is socially constructed through interaction (Halliday, 1978; Jiang, 2017; Kress, 2010). 
The final step involves selecting appropriate task products, GenAI tools, instructional content, 
and procedural structures. This role identification–interaction and forms–instruction design 
model provides a task design framework that shifts DMC task design from a specific practical 
dimension towards a consistent theory. This framework reconceptualized the L2 task design 
framework, which not only provides a clear construction path for teaching practice but also 
offers a theoretical foundation for rethinking the instructional status of GenAI in language 
education. It signals a move from content- and procedure-driven design toward a role- and 
agency-oriented approach, which emphasizes the importance of social interaction and provides 
an innovative methodology for human–AI co-constructed L2 tasks in the posthumanist era.

Future Research Directions
This study defined the forms of GenAI-assisted DMC tasks and the roles played by GenAI, 
and proposed a task design framework with potential for both research and practice. As an 
emerging area of inquiry, we advise several future research directions in this field. First of all, 
this paper suggest the need for further research on GenAI-assisted DMC tasks, since there is 
a lack of research papers that could be included in this review. Future research should expand 

Figure 5. Role identification–interaction and forms–instruction design framework of 
GenAI-assisted DMC tasks.
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the empirical base by exploring GenAI-assisted DMC tasks across various educational settings, 
such as primary, secondary, and higher education, and involving diverse learner populations. 
Such research can deepen our understanding of how GenAI supports multimodal task design 
with more practice. Second, most of the reviewed studies focus on EFL contexts. This limited 
disciplinary focus overlooks the potential of GenAI in other subject areas. Future research 
should explore interdisciplinary applications of GenAI-assisted DMC tasks, particularly in 
science, technology, engineering, art, and math, or content and language-integrated learning. 
Investigating how GenAI facilitates DMC in different disciplines can help extend its pedagogical 
relevance. Otherwise, the “Role identification–interaction and forms–instruction design” 
framework proposed in this study is a preliminary pedagogical model derived from theories 
and existing literature. The framework requires further refinement and validation through 
empirical inquiry. Future research may adopt participatory action research approaches to 
revise and enhance the framework with practice. With the emergence of more powerful GenAI 
tools, GenAI is likely to take on more complex roles and lead to the development of various 
GenAI-assisted DMC tasks. In summary, although this review has limitations, it reflects the 
potential in this research niche. 

References
Arksey, H., & O’Malley, L. (2005). Scoping studies: Towards a methodological framework. International 

Journal of Social Research Methodology, 8(1), 19–32. https://doi.org/10.1080/1364557032000119616
Belcher, D. D. (2017). On becoming facilitators of multimodal composing and digital design. Journal of 

Second Language Writing, 38, 80–85. https://doi.org/10.1016/j.jslw.2017.10.004
Bezemer, J., & Kress, G. (2008). Writing in multimodal texts: A social semiotic account of designs for 

learning. Written Communication, 25(2), 166–195. https://doi.org/10.1177/0741088307313177
Chen, M. R. A. (2024). Utilizing generative artificial intelligence-based digital multimodal creation of 

English songs for EFL education. Journal of Education Research, 365, 52–72.
Chen, Y. (2024). Perceptions of AI-facilitated creativity in language education: A study on digital 

storytelling. The JALT CALL Journal, 20(3), 2089. https://doi.org/10.29140/jaltcall.v20n3.2089
Cheung, L. M. E., & Shi, H. (2024). Co-creating stories with generative AI: Reflections from undergrad-

uate students of a storytelling service-learning subject in Hong Kong. Australian Review of Applied 
Linguistics, 47(3), 259–283.

Ellis, R. (2003). Task-based language learning and teaching. Oxford University Press.
Ellis, R., Skehan, P., Li, S., Shintani, N., & Lambert, C. (2020). Task-based language teaching: theory and 

practice. Cambridge University Press.
Gee, J. P. (2014). Foreword. In F. Serafini, Reading the visual: An introduction to teaching multimodal 

literacy (pp. xi–xii). Teachers College Press.
Guo, K., & Wang, D. (2024). To resist it or to embrace it? Examining ChatGPT’s potential to support teacher 

feedback in EFL writing. Education and Information Technologies, 29(7), 8435–8463. https://doi.
org/10.1007/s10639-023-12146-0

Haddaway, N. R., Page, M. J., Pritchard, C. C., & McGuinness, L. A. (2022). PRISMA2020: An R package 
and Shiny app for producing PRISMA 2020-compliant flow diagrams, with interactivity for optimised 
digital transparency and Open Synthesis. Campbell Systematic Reviews, 18, e1230. https://doi.
org/10.1002/cl2.1230

Halliday, M. A. K. (1978). Language as social semiotic: The social interpretation of language and 
meaning. Edward Arnold.

Hodge, B., & Kress, G. R. (1988). Social semiotics. Polity Press.
Huang, F., & Zou, B. (2024). English speaking with artificial intelligence (AI): The roles of enjoyment, 

willingness to communicate with AI, and innovativeness. Computers in Human Behavior, 159, 
108355. https://doi.org/10.1016/j.chb.2024.108355

Huang, H.-W., Chen, X., & Sankey, A. (2024). Leveraging multimodal GenAI chatbots in EFL learning: 
Learning attitudes and user experiences. Proceedings of the 2024 International Conference on Artificial 
Intelligence and Teacher Education (pp. 22–29). https://doi.org/10.1145/3702386.3702406

https://www.castledown.com/journals/dal/issue/view/dal.v2
https://www.castledown.com/journals/
https://doi.org/10.1080/1364557032000119616
https://doi.org/10.1016/j.jslw.2017.10.004
https://doi.org/10.1177/0741088307313177
https://doi.org/10.1007/s10639-023-12146-0
https://doi.org/10.1007/s10639-023-12146-0
https://doi.org/10.1145/3702386.3702406


The integration of generative artificial intelligence � 19

Digital Applied Linguistics, Volume 2 (2025)

Huang, J., & Teng, M. F. (2025). Peer feedback and ChatGPT-generated feedback on Japanese EFL 
students’ engagement in a foreign language writing context. Digital Applied Linguistics, 2, 102469. 
https://doi.org/10.29140/dal.v2.102469

Hwang, W.-Y., Luthfi, M. I., & Liu, Y.-F. (2024). AI-enhanced video drama-making for improving writ-
ing and speaking skills of students learning English as a foreign language. Innovation in Language 
Learning and Teaching, 1–18. https://doi.org/10.1080/17501229.2024.2437655

Jao, C. Y., Fu, J. S., & Yeh, H. C. (2025). Exploring students’ perceived benefits of multimodal content 
creation with social robots in language learning. Interactive Learning Environments, 1–14.

Jiang, L. (2017). The affordances of digital multimodal composing for EFL learning. ELT Journal, 71(4), 
413–422. https://doi.org/10.1093/elt/ccw098

Jiang, L., & Hafner, C. (2024). Digital multimodal composing in L2 classrooms: A research agenda. 
Language Teaching, 1–19. https://doi.org/10.1017/S0261444824000107

Jiang, L., & Lai, C. (2025). How did the generative artificial intelligence-assisted digital multimodal 
composing process facilitate the production of quality digital multimodal compositions: Toward a 
process-genre integrated model. TESOL Quarterly. https://doi.org/10.1002/tesq.3390

Jiang, L., Kam, H., & Ferguson, D. (2024). Facilitating self-directed language learning during the pan-
demic through digital multimodal composing: A tale of two Hong Kong primary English teachers. 
Educational Technology & Society, 27(3), 253–267. https://doi.org/10.30191/ETS.202407_27(3).
SP04

Jiang, L.,  Yu,  S., &  Zhao,  Y.  (2021).  Teacher engagement with digital multimodal composing in a 
Chinese tertiary EFL curriculum.  Language Teaching Research, 25(4), 613–632. https://doi.
org/10.1177/1362168819864975

Kang, J., & Yi, Y. (2023). Beyond ChatGPT: Multimodal generative AI for L2 writers. Journal of Second 
Language Writing, 62, 101070. https://doi.org/10.1016/j.jslw.2023.101070

Kern, R. (2024). Twenty-first century technologies and language education: Charting a path forward. The 
Modern Language Journal, 108(2), 515–533. https://doi.org/10.1111/modl.12924

Kessler, M. (2022). Multimodality. ELT Journal, 76(4), 551–554. https://doi.org/10.1093/elt/ccac028. 
Kessler, M. (2024). Digital Multimodal Composing: Connecting Theory, Research and Practice in Second 

Language Acquisition. Multilingual Matters.
Kim, Y., Kang, S., Nam, Y., & Skalicky, S. (2022). Peer interaction, writing proficiency, and the quality of 

collaborative digital multimodal composing task: Comparing guided and unguided planning. System, 
106, 102722. https://doi.org/10.1016/j.system.2022.102722

Kostopolus, E. (2025). Student use of generative AI as a composing process supplement: Concerns for 
intellectual property and academic honesty. Computers and Composition, 75, 102894. https://doi.
org/10.1016/j.compcom.2024.102894

Kress, G. R. (2010). Multimodality: a social semiotic approach to contemporary communication. Routledge.
Li, D., Xia, S., & Guo, K. (2025). Investigating L2 learners’ text-to-video resemiotisation in AI-enhanced 

digital multimodal composing. Computer Assisted Language Learning, 1–32.
Li, M. (2022). Researching and teaching second language writing in the digital age. Springer 

International Publishing AG. https://doi.org/10.1007/978-3-030-87710-1
Li, M., & Akoto, M. (2021). Review of Recent Research on L2 Digital Multimodal Composing. 

International Journal of Computer-Assisted Language Learning and Teaching, 11(3), 1–16. https://
doi.org/10.4018/IJCALLT.2021070101

Li, M., & Zhang, M. (2023). Collaborative writing in L2 classrooms: A research agenda. Language 
Teaching, 56(1), 94–112. https://doi.org/10.1017/S0261444821000318

Lim, F. V., Toh, W., & Ong, M. (2024). Assessing multiliteracies: A systematic review and a perspective 
from Singapore. Asia Pacific Journal of Education, 44(3), 597–610. https://doi.org/10.1080/02188
791.2024.2390658

Lin, C.-H., Zhou, K., Li, L., & Sun, L. (2025). Integrating generative AI into digital multimodal composition: 
A study of multicultural second-language classrooms. Computers and Composition, 75, 102895. 
https://doi.org/10.1016/j.compcom.2024.102895

Lin, Y., Shimizu, A. Y., Burriss, S. K., Hundley, M., & Pendergrass, E. (2025). Multimodal composing 
with generative AI: Examining preservice teachers’ processes and perspectives. Computers and 
Composition, 75, 102896. https://doi.org/10.1016/j.compcom.2024.102896

https://www.castledown.com/journals/dal/issue/view/dal.v2
https://www.castledown.com/journals/
https://doi.org/10.1080/17501229.2024.2437655
https://doi.org/10.30191/ETS.202407_27(3).SP04
https://doi.org/10.30191/ETS.202407_27(3).SP04
https://doi.org/10.1016/j.jslw.2023.101070
https://doi.org/10.1111/modl.12924
https://doi.org/10.1093/elt/ccac028.
https://doi.org/10.1016/j.system.2022.102722
https://doi.org/10.1016/j.compcom.2024.102894
https://doi.org/10.1016/j.compcom.2024.102894
https://doi.org/10.1007/978-3-030-87710-1
https://doi.org/10.4018/IJCALLT.2021070101
https://doi.org/10.4018/IJCALLT.2021070101
https://doi.org/10.1017/S0261444821000318
https://doi.org/10.1080/02188791.2024.2390658
https://doi.org/10.1080/02188791.2024.2390658
https://doi.org/10.1016/j.compcom.2024.102895
https://doi.org/10.1016/j.compcom.2024.102896


20  � The integration of generative artificial intelligence

Digital Applied Linguistics, Volume 2 (2025)

Liu, M., Zhang, L. J., & Biebricher, C. (2024). Investigating students’ cognitive processes in generative 
AI-assisted digital multimodal composing and traditional writing. Computers & Education, 211, 
104977. https://doi.org/10.1016/j.compedu.2023.104977

Long, M. H., & Crookes, G. (1992). Three approaches to task-based syllabus design. TESOL Quarterly, 26(1), 
27–56.

Mesa Morales, M., & Zapata, G. C. (2024). Digital multimodal composing in beginning L2 Spanish classes: 
Student-created children’s books. The International Journal of Literacies, 31(2), 57–76. https://doi.
org/10.18848/2327-0136/CGP/v31i02/57-76

Munn, Z., Peters, M. D., Stern, C., Tufanaru, C., McArthur, A., & Aromataris, E. (2018). Systematic review 
or scoping review? Guidance for authors when choosing between a systematic or scoping review 
approach. BMC Medical Research Methodology, 18, 1–7.

New London Group. (1996). A pedagogy of multiliteracies: Designing social futures. Harvard Educational 
Review, 66(1), 60–92. https://doi.org/10.21832/9781800416680

Nunan, D. (2004). Task-based language teaching (revised ed.). Cambridge University Press. https://doi.
org/10.1017/CBO9780511667336

Pacheco, M. B., Smith, B. E., Deig, A., & Amgott, N. A. (2021). Scaffolding multimodal composition 
with emergent bilingual students. Journal of Literacy Research, 53(2), 149–173. https://doi.
org/10.1177/1086296X211010888

Peng, J.-E., & Liang, W. (2025). Willingness to communicate with artificial intelligence (AI)? Insights from 
tracking EFL learners’ perceived acceptance and chat output. Computer Assisted Language Learning, 
1–27. https://doi.org/10.1080/09588221.2025.2486147 

Pennycook, A. (2018). Posthumanist applied linguistics. Routledge.
Sargeant, J. M., & O’Connor, A. M. (2020). Scoping reviews, systematic reviews, and meta-analysis: 

Applications in veterinary medicine. Frontiers in Veterinary Science, 7, 11. https://doi.org/10.3389/
fvets.2020.00011

Smith, B. E., Shimizu, A. Y., Burriss, S. K., Hundley, M., & Pendergrass, E. (2025). Multimodal composing 
with generative AI: Examining preservice teachers’ processes and perspectives. Computers and 
Composition, 75, 102896. https://doi.org/10.1016/j.compcom.2024.102896

Swales, J. M., & Feak, C. B. (2023). Task evolution in English for academic purposes writing materials: 
The case of “information transfer” to “critical commentary”. Journal of Second Language Writing, 61, 
101017.

Su, Y., Lin, Y., & Lai, C. (2023). Collaborating with ChatGPT in argumentative writing classrooms. 
Assessing Writing, 57, 100752. https://doi.org/10.1016/2023.100752

Tan, X., Xu, W., & Wang, C. (2025). Purposeful remixing with generative AI: Constructing designer voice 
in multimodal composing. Computers and Composition, 75, 102893. https://doi.org/10.1016/j.
compcom.2024.102893

Teng, M. F. (2024). A systematic review of ChatGPT for English as a foreign language writing: Opportunities, 
challenges, and recommendations. International Journal of TESOL Studies, 6(3), 36. https://doi.
org/10.58304/ijts.20240304

Vigil, S., & Yi, Y. (2024). Digital multimodal composing practices by ELLs in K–12 settings: A systematic 
review of empirical research. In L. Veliz, M. Farias, & M. Picard (Eds) Reimagining literacies pedagogy 
in the twenty-first century: Theorizing and enacting multiple literacies for English language learners 
(pp. 219–237). Bloomsbury Publishing.

Wang, H., & Dang, A. (2024). Enhancing L2 writing with generative AI: A systematic review of pedagogical 
integration and outcomes. Preprint. http://dx.doi.org/10.13140/RG,2(19572.16005).

Wu, C., Yu, H., Moorhouse, B. L., & Wu, M. (2025). Unveiling students’ experiences and perspectives 
of generative AI-assisted translation in a Hong Kong university: Perceived benefits, limitations, and 
suggestions. Digital Applied Linguistics, 2, 102600. https://doi.org/10.29140/dal.v2.102600

Wünsch-Nagy, N. (2025). From multimodal space to digital multimodal text: Making choices in digital 
multimodal compositions inspired by museum visits in higher education. Computers and Composition, 
75, 102909. https://doi.org/10.1016/j.compcom.2024.102909

Xie, L., & Jiang, L. (2025). Promoting second language writing autonomy through digital multimodal 
composing.  Journal of Second Language Writing,  69(10122), 101225. https://doi.org/10.1016/j.
jslw.2025.101225

https://www.castledown.com/journals/dal/issue/view/dal.v2
https://www.castledown.com/journals/
https://doi.org/10.1016/j.compedu.2023.104977
https://doi.org/10.21832/9781800416680
https://doi.org/10.1017/CBO9780511667336
https://doi.org/10.1017/CBO9780511667336
https://doi.org/10.1177/1086296X211010888
https://doi.org/10.1177/1086296X211010888
https://doi.org/10.3389/fvets.2020.00011
https://doi.org/10.3389/fvets.2020.00011
https://doi.org/10.1016/j.compcom.2024.102896
https://doi.org/10.1016/2023.100752
https://doi.org/10.1016/j.compcom.2024.102893
https://doi.org/10.1016/j.compcom.2024.102893
https://doi.org/10.1016/j.compcom.2024.102909
https://doi.org/10.1016/j.jslw.2025.101225
https://doi.org/10.1016/j.jslw.2025.101225


The integration of generative artificial intelligence � 21

Digital Applied Linguistics, Volume 2 (2025)

Xu, Y. (2023). Investigating the effects of digital multimodal composing on Chinese EFL learners’ writing 
performance: A quasi-experimental study. Computer Assisted Language Learning, 36(4), 785–805. 
https://doi.org/10.1080/09588221.2021.1945635

Yang, Y. T. C., Chen, Y. C., & Hung, H. T. (2022). Digital storytelling as an interdisciplinary project to 
improve students’ English speaking and creative thinking. Computer Assisted Language Learning, 
35(4), 840–862. https://doi.org/10.1080/09588221.2020.1750431

Zaidi, R., & Sah, P. K. (2024). Affordances of multilingual and multimodal literacy engage-
ments of immigrant high school students: A scoping review. SAGE Open, 14(1). https://doi.
org/10.1177/21582440241228122

Zhang, M., Akoto, M., & Li, M. (2023). Digital multimodal composing in post-secondary L2 settings: A 
review of the empirical landscape. Computer Assisted Language Learning, 36(4), 694–721. https://
doi.org/10.1080/09588221.2021.1942068

Zhang, E. D., & Yu, S. (2023). Conceptualizing digital multimodal composing competence in L2 classroom: 
A qualitative inquiry. Computer Assisted Language Learning, 1–29.

Zhang, E. D., & Yu, S. (2025). The development and validation of an L2 student digital multimodal 
composing competence scale. Computer Assisted Language Learning, 38(3), 486–511. https://doi.
org/10.1080/09588221.2023.2201342

Author Bios
Fengrui Ci is a PhD student of the Faculty of Education at the University of Hong Kong. His 
research focuses on digital multimodal composing, language task design, and language teacher 
education

Lianjiang Jiang is an Assistant Professor at the Faculty of Education at the University of Hong 
Kong. His expertise is in multimodality and multiliteracies in second language education, with 
a focus on digital multimodal composing, digital/multilingual pedagogies, and L2 writing and 
feedback.

https://www.castledown.com/journals/dal/issue/view/dal.v2
https://www.castledown.com/journals/
https://doi.org/10.1080/09588221.2021.1945635
https://doi.org/10.1080/09588221.2020.1750431
https://doi.org/10.1080/09588221.2023.2201342
https://doi.org/10.1080/09588221.2023.2201342

